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[ Abstract]

research fields. Al-assisted diagnostic reading of medical images has achieved substantial progress,whose accuracy has

Advances in artificial intelligence ( Al) have led to innovation and revolution in many different

been close to human experts. Glaucoma is the leading reason for irreversible blindness in the world. Early diagnosis
and treatment of glaucoma would remarkably improve prognosis. However, early diagnosis of glaucoma is difficult
because it depends on comprehensive assessment of intraocular pressure, visual field, changes of retinal nerve fiber
layer,etc. Thus, development of Al which could assist diagnosis of glaucoma is faced with great challenges and
difficulties. In the future,invention of Al-assisted diagnostic platform of glaucoma based on accumulation of labeled
clinical data and training computers to read multimodule test results will create huge social economic benefit and
revolutionize diagnosis of glaucoma.
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AMD ; 45 /4 H 56 11 35 BEAE 1 (age-related macular degeneration )

ANOVA ; H[H & J7 22 /3 #7 ( one-way analysis of variance)

BUT . 1H & ik 24 i} [A] ( breakup time of tear film)

DR . B FR 9% A8 R I 9% 2% ( diabetic retinopathy )

EAU . S5 B B g3 1 26 1 48 (experimental autoimmune uveitis )

EGF . 3 7 4= K [H F (epidermal growth factor)

ELISA ; i BX % 9% W2 fff I %2 ( enzyme-linked immuno sorbent

assay)

ERG . 4% I} % i, 8] ( electroretinogram )

FFA . 5% 6 R MR R 1L % 1% % (fundus fluorescein angiography)

FGF : Jii 27 4 200 Jfd A= 4 X F (fibroblast growth factor )

GFP . 46, 5¢ Y. % [ ( green fluorescent protein)

IFN-vy:y T3 & (interferon-y)

IL: [ 46l }f1 5 % (interleukin)

IOL: A T &R A& (intraocular lens)

IRBP ;¢ [0 32 1R #1 #% 25 ¥ i 45 & % [ (interphotoreceptor retinoid
binding protein)

LASIK : #4537 1806 £ BE A BEEE R (laser in situ keratomi leusis)

ICGA . 15| W35 5% 11 45 ¥ 52 (indocyanine green angiography )

LECs: 5 IR | Bz 40 0 (lens epithelial cells)

miRNA : f# /)N RNA ( microRNA)

MMP ; £ Jfi 4> J& 5 H B ( matrix metalloproteinase )

mTOR: I FL 3h ¥ 28 & IA & R 8 2 B ( mammalian target of

rapamycin )
MTT . Y H 318 %0k £k ( methyl thiazolyl tetrazolium)
NF . # 5% A T ( nuclear factor)
OCT: J: A1+ Wi JZ 14 (optical coherence tomography)
OR: {5 ¥t (odds ratio)
PACG : it & 1 141 ff B 5 Y R ( primary angle-closure glaucoma)
PCR ; 3 4 it 4% 28 52 W ( polymerase chain reaction)
RGCs : £ P 515 41 ity (retinal ganglion cells)
POAG : J5 e PEHF f 13 J6 IR (primary open angle glaucoma)
RPE : 1 % i 2, % | JiZ (retinal pigment epithelium)
RNV : # W i 357 A= 1L 4% ( retinal neovascularization)
RP ;A ] i €6, 2% 75 4 (retinitis pigmentosa )
ST t:H® 4 Wik 5 1 (Schirmer [ test)
shRNA ; /N % & RNA (short hairpin RNA)
SIRNA : /N F4 RNA (small interfering RNA)
a-SMA : -5 WAL I ZE H ( a-smooth muscle actin)
TAO ; F R IR 46 ¢ IR 97 (thyroid-associated ophthalmopathy)
TGF . 8 {4 K K ¥ (transforming growth factor)
TNF ; }f1 98 ¥R FE K 7 ( tumor necrosis factor)
UBM ;#8754 W) 18 13 5% (ultrasound biomicroscope )
VEGF: Il 48 M % 4 K A F (vascular endothelial growth factor)
VEP . #5175 & Hi. 1y ( visual evoked potential )
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