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[ Abstract] In ophthalmic clinical, a variety of image-related techniques are used to analyze the patient’s
condition, help the diagnosis and guide the prognosis. The artificial intelligence is based on computer intelligence
science ,which has great advantages in image recognition and gradually become a hot point in ophthalmic image
examination diagnosis. At present,the application of artificial intelligence technology in ophthalmic image diagnosis is
mainly focused on fundus photography and optical coherence tomography. In the diagnosis of diabetic retinopathy, age-
related macular degeneration, glaucoma and other diseases, the artificial intelligence has high specificity and high
sensitivity. With the development of intelligent technology, the application of artificial intelligence in the ophthalmic
image examination diagnosis will be more and more in-depth and extensive.
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