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[ Abstract] With the increase in the aging of the global population,the prevalence of cataract has increased
gradually,and cataract has become a significant cause of blindness and visual impairment in China and even in the
whole world. In recent years, artificial intelligence ( Al) technology has developed rapidly, and has been applied
widely in medical fields, especially in ophthalmology. Al is expected to become a vital method to alleviate the lack of
medical resources, improve the efficiency of diagnosis and treatment and reduce medical costs. For cataract, Al is
mainly applied in cataract screening and diagnosis, preoperative evaluation, the calculation of intraocular lens power
and the analysis of cataract surgery procedure. In this article, the researches on the applications of Al technology in the
diagnosis and classification of cataract based on the slit-lamp/fundus photograph, ultrasound image, cataract surgery
video and health record data, the grading of opacity, the calculation of intraocular lens power as well as the
recognization of cataract surgery and the management of cataract patients at home and abroad were summarized and
reviewed in order to provide more references for the application and promotion of Al in ophthalmology.
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